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Research on Feature Selection Algorithm Based
on the Lowest Term Frequency of CHI
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Abstract: CHI is an important method of feature selection in text categorization. In order to overcome the
deficiencies of this method, a new feature selection algorithm based on the lowest word frequency of CHI is
proposed in this paper. This new approach removes some low-frequency terms by setting a threshold value
of the lowest frequency terms, and thus reduces the interference of the low-frequency terms in CHI feature
selection. Meanwhile, the classical feature weighting method of TF-IDF is improved in this study, and the
addition of an improved feature selection function of CHI to the feature weighting method makes the text
more reasonable. The experimental results on the corpora of even distribution and uneven distribution
show that the new approach has effectively improved the quality of text categorization.

Key words: text categorization; vector space model; feature selection; Chi-square statistic; low-frequency

term; term weighting
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