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An Improved BP Neural Network Based on CPA

ZHANG Hong, WANG Dan

School of Computer and Information Science , Southwest University . Chongqing 400715, China

Abstract: BP (back propagation) neural network is one of the most widely used artificial neural networks.
It is known that the performance of the BP neural network depends mainly on its structure, What's more,
the BP neural network takes a long time to achieve convergence and the results may fill in local optimum.
By combining CPA, variable learning rate and additional momentum, we propose an improved BP neural
network pruning algorithm named as LMCPA neural network in this paper. Experimental results have
shown that the performance of the neural network has been improved by LMCPA algorithm.

Key words: bp neural network; correlation pruning algorithm (CPA); variable learning rate; additional

momentum
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