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MapReduce Parallel Implementation of K-Means Algorithm

JIANG Yi, LIU Xin-yang

College of computer science and technology s Chongging University of Posts and Telecommunications, Chongqing 40065 , China

Abstract: This paper firstly built a Hadoop cluster, then it realizes K-Means algorithm in the MapReduce
model, and finally it designs multigroup experiments to verify that the K-Means algorithm has better sta-
bility and accuracy for data clustering analysis.
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