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Abstract. Glioblastoma multiforme (GBM) is one of the most commonly-seen and deadly brain cancer. The

traditional survival model has the disadvantage that it cannot process gene expression data in which the

variable number P is far greater than the sample number N. In order to solve the problem, this paper con-

structs a novel algorithm (SSLC) to screen key genes of GBM patients. By combining the constrained opti-

mization method with the survival model, SSLC can select the GBM key genes related to survival time. By

comparison, this algorithm has been proved to be superior to the traditional classical algorithm. Literature

search shows that some genes screened by the algorithm are highly related to GBM genes. It is hoped that

the results of this study may help to lay a foundation for GBM target drug research.
Key words: GBM; survival model; LASSO; SPCA; SSLC algorithm
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