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An Action Recognition Algorithm Based on

Maximum Correlation-Minimum Redundancy

GONG Jing', LI Ying-jie's, HUANG Xin-yang®
1. Department of Public Basic Course , Hunan Environment Biological Polytechnic , Hengyang, Hunan 421005, China ;

2. College of Computer Science and Technology , University of South China . Hengyang. Hunan 421001, China

Abstract: In order to improve the accuracy and robustness of motion recognition, reduce redundant fea-
tures and increase algorithm efficiency, an action recognition scheme based on MCMR (maximum correla-
tion-minimum redundancy) is designed. Firstly, in order to eliminate the influence of noise and reduce
computational cost, the continuous image sequence is transformed into discrete symbol representation by
using the symbolic aggregation approximation technology. Next, to avoid the problem of time drift, dy-
namic time warping (DTW) is used to calculate symbol distance and to extract the character of a symbolic
sequence. Then, in order to eliminate redundant features, a feature weight is defined, the features are ar-
ranged in a descending order based on weight, the maximum correlation-minimum redundancy is intro-
duced to eliminate the weak correlation feature, and features with high correlation and low redundancy are
selected. Finally, in order to perform action recognition, classifier learning is performed, using k-nearest
neighbor based on the selected features. Test results show that compared with the current image action
recognition, this algorithm can effectively accomplish action recognition and understanding. It has a high
recognition rate, the redundant features are greatly reduced, and the efficiency and robustness of the algo-
rithm are improved.

Key words: action recognition; maximum correlation-minimum redundancy; symbolic representation; dy-

namic time warping; k-nearest neighbor
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