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A Study on a BPNN-Based Anomaly
Prediction Model for Intelligent Inspection

DENG Xiao-qing's WANG Lun-lang's, WANG Gang’, PU Guo-lin'

1. School of Intelligent Manufacturing s Sichuan University of Arts and Science s Dazhou Sichuan 635000 , China ;

2. School of Electronic and Information Engineering s Ankang University , Ankang Shaanxi 725000 , China

Abstract: In traditional network inspection methods, the network anomaly discovery in intelligent patrol

inspection is triggered by a single threshold based on performance parameters, with high false positive rate

and low efficiency. In order to predict network anomalies effectively and accurately, we propose a network

anomaly prediction model based on BPNN (BP neural network)in this paper. The collected data are extrac-

ted, preprocessed and trained as neural network samples, and then the network parameters are adjusted

according to the error threshold to determine the network structure. A simulation experiment is carried

out in Matlab environment, and the proposed BP neural network model is used for network anomaly pre-

diction. The results show that the method proposed in this paper has satisfactory prediction rate for net-

work anomaly prediction.

Key words: BPNN(Back Propagation Neural Network) ; intelligent inspection;anomaly prediction
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