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Personality Recommendation()
{
Initialization(Parameters) //®HL S
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LLSTM_Recommend(User_Information) ///VEALHER
}
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A Personalized Recommendation
System Based on Deep Neural Network
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Abstract: In order to effectively improve the personalized satisfaction of users in the process of massive
document information retrieval, this paper designs a new personalized recommendation system, whose
core algorithm is the personalized recommendation method based on deep neural network. The deep neural
network constructed with this method includes four layers: an embedding layer, a coding layer, a person-
alized feature fusion layer and a decoding layer, and can accurately reflect the user’s personalized needs and
complete query recommendation. In an experiment of query and recommendation with the literature data
of computer, communication, machinery, electricity, architecture, history. politics, economy, mathe-
matics and English, this method is compared with another three literature retrieval methods based on
DNN, Segnet or Seq2Seq networks for the similarity between their retrieval results and users’ needs. The
results show that the matching degree of users’ individualized needs of the proposed retrieval method is a-
bout 10% higher than that of the other three methods, its matching degree of individualized needs of Eng-
lish literature retrieval results being as high as 90. 2%, which convincingly indicates that the retrieval
method and the personalized recommendation system described in this paper is effective.

Key words: personalized recommendation; deep neural network; personalized fusion; recommendation query
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