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Ontology Sparse Matrix Learning and
Its Application in Similarity Computation

LAN Mei-hui', FAN Quan-run'. GAQO Wei’

1. School of Information Engineering , Qujing Normal University , Qujing Yunnan 655011, China ;

2. School of Information s Yunnan Normal University , Kunming 650500 , China

Abstract: Under the background of big data, ontology contains more and more concepts, and thus its
structure becomes more complex. Therefore, it is required that the corresponding ontology algorithm be
able to reduce the computational dimension efficiently, so as to reduce the computation complexity. In this
paper, the original ontology sparse vector learning model is extended, and an ontology sparse matrix learn-
ing model is proposed to obtain the optimal approximation solution. An iterative algorithm is designed to
get this solution by means of matrix derivative computation. Two experiments verify that the new algo-
rithm has higher efficiency in specific ontology specific applications.

Key words: ontology; similarity measure; ontology mapping; sparse matrix
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