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Constructing a Medical Knowledge Graph of Nephropathy Based
on the Electronic Medical Records of Nephropathy Specialists
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Abstract: A study is carried out of named entity recognition (NER) and entity relationship extraction of
the electronic medical records of nephrology specialty and, in order to solve the problem of redundancy and
joint extraction of information resulting from the independent extraction of entity-relationship extraction,
entity recognition and relationship extraction (RE) are combined to improve the extraction accuracy rate.
The combined model of Bi-directional Long Short-Term Memory network (BiLLSTM) and Conditional Ran-
dom Field (CRF) is used to extract entities, and then the Convolutional Neural Network (CNN)-BiLSTM
model is used to extract entities and entity relationships from the text. A comparison of the two model en-
tity positions gives the final extraction results, and then the results of entity standardization are trans-
ferred to the Neo4j database to build a knowledge map. In conclusion, taking into consideration the fact
that the majority of kidney diseases are characterized by a long course, a poor prognosis and a long treat-
ment cycle, a complete medical knowledge map of kidney diseases is constructed in this study to show the
big data of kidney diseases, which will be able to provide support for kidney disease specialists in their clin-
ical decision-making and disease monitoring, and will help to improve the quality of medical services and
auxiliary medical diagnosis.

Key words: entity identification; entity relationship; Neo4j; knowledge graph; joint extraction; BiLSTM
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