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Abstract: In order to expand the multi-granularity covering-based rough set model, this paper proposes a

local multi-granularity covering-based rough set model in multi-granularity space by using the classical rep-
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resentation of the minimum description of covering-based rough set and the concept of the local rough set.
On this basis, the internal relationship between the model in multi-granularity space and the single granu-
larity space is discussed, the basic properties of the local multi-granularity covering-based rough set are
discussed, and the relationship between the upper approximation sets and the lower approximation sets of
local multi-granularity covering-based rough set under the optimistic strategy and the pessimistic strategy
is studied. The results show that the proposed model can be transformed into the multi-granularity covering-based
rough set model under the certain conditions, which is an effective extension of the original model.
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