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Abstract;: Mobile smart devices and mobile applications carry a lot of personal information and office enter-
tainment functions. Analysis of the network traffic generated when mobile applications are used can pro-
vide valuable information in terms of network management, privacy protection and behavior recognition.
In this paper, a recognition model based on dual-domain attention mechanism and meta-learning is de-
signed. First, feature extraction is performed through the deep separable convolution module. Then, at-

tention is extracted from the channel and space dimensions through the attention mechanism module to en-
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hance the texture features of the behavior recognition samples. At the same time, the meta-learning strat-
egy is used to perform multi-task learning, so that the model can have a faster and more efficient recogni-
tion effect when facing new small-sample recognition tasks. The results of an experiment show that com-
pared with other small sample recognition models, the model described in this paper can more effectively
recognize mobile application behaviors.

Key words: mobile application behavior recognition; deep learning; attention mechanism; meta-learning;

deep separable convolution; small sample classification
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