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Abstract: The extended-range plug-in hybrid with gasoline and electric multi-energy system is one of the
important technical approaches for new energy vehicles. In order to find a better energy consumption rate
for range-extended vehicles, a range-extended hybrid vehicle is taken as the research object. The rule-
based optimal energy management strategy and optimal energy management strategy based on reinforce-

ment learning were studied. The strategy model was built with MATLAB software and co-simulated with
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AVL/Cruise. The simulation results showed that the optimized energy management strategy based on re-
inforcement learning under the global unified light vehicle test cycle (WLTC) standard is more energy-effi-
cient than the original rule-based energy management strategy by 3.2%.

Key words: new energy; range-extended vehicle; reinforcement learning; energy management
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