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Dual-Mode Deep Learning Text Classification
Method Based on Hybrid Optimization

WU Xuling

School of Information Engineering s Hope College , Southwest Jiaotong University , Chengdu 610400, China

Abstract: In order to solve the problem of low classification accuracy in text classification, a dual-mode
deep learning text classification method based on hybrid optimization is proposed. This method designs a
hybrid optimization algorithm, optimizes the weights of the deep learning model, and obtains optimal fea-
tures and high-performance text classification results. First, the document is preprocessed to obtain the
feature set, and a hybrid optimization algorithm based on the crow search algorithm and the grasshopper
optimization algorithm is designed. The hybrid optimized Bi-GRU is used to select the optimal features,
and the highly relevant features with context semantic information are obtained. Finally, the optimal fea-

tures are input into the DBN with hybrid optimized weights to obtain the text classification results.
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