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Abstract: Real-time and accurate extraction of crop information plays an important and positive role in un-
derstanding regional planting structure and changes in agricultural production, and ensuring national food
security. As a geographic information data cloud platform with advanced storage and computing capabili-
ties, Google Earth Engine (GEE) can quickly acquire and process image data, save time and cost, and

meet the needs of crop information extraction in large areas. Compared with traditional remote sensing,
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the analytical method has obvious advantages. In view of the difficult situation of crop information extrac-
tion on the Qinghai-Tibet Plateau, this paper uses the GEE platform to quickly acquire and process Land-
sat data and construct the features with the phenological parameters extracted based on MODIS NDVTI time
series, and makes full use of the differences in phenological characteristics of different ground phenological
features for classification training, to realize the extraction of main crop information in eastern Qinghai
Province. The results show that: @O The extraction results of this method are highly accurate. The overall
accuracy of classification and regression tree verification is 86. 23% , and the Kappa coefficient is 0. 82. The
extraction results are basically in line with the crop planting structure in the study area, indicating that the
method of coupling Landsat data and MODIS NDVT time series can improve the accuracy of crop identifica-
tion, and has a certain positive significance for the automatic extraction of main crop information in the
Qinghai-Tibet Plateau. @ It shows that the GEE platform is an effective tool to achieve high-precision
crop information extraction of major crops on the Qinghai-Tibet Plateau. @ The main errors of this study
come from the sporadic and low planting ratio of corn fields, and wide distribution of highland barley fields
with large altitude differences. Subsequent research should focus on in-depth analysis on the classification
and extraction technology of crops with small differences in sporadic planting and growth periods.

Key words: Google Earth Engine; Qinghai-Tibet Plateau; remote sensing; MODIS NDVI time series;
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