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Abstract: The least mean square (LMS) aiming at the problem that intelligent voice terminal equipment
affects the user’s hearing experience due to poor echo suppression in complex acoustic environments. This
paper proposes a robust adaptive acoustic echo cancellation algorithm based on maximum likelihood M-esti-
mator. The algorithm constructs the weight vector function based on M-estimator to reduce the impact of
impulse noise in the acoustic environment. The Hample three-stage function is used to obtain a new cost e-
quation to replace the original low-order norm least mean square error. A new vector updating equation for

filter coefficients was deduced by steepest-descent method. Computer simulation experiment results show
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that the proposed algorithm can still ensure good echo suppression ability in complex acoustic environment
and track the changes of echo channel in time. Compared with similar algorithms, the new algorithm has
improved steady-state error performance and convergence speed in complex acoustic environments.

Key words: acoustic echo cancellation; robustness; low-order mixed norm; M-estimator; tracking per-

formance
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