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Abstract: To address the challenges of increased difficulty in safety helmet wearing detection and segmen-
tation caused by large spatial spans and numerous operational equipment in logistics parks, a safety helmet
wearing segmentation algorithm based on improved DeeplLabv3+ was proposed. The algorithm used Res-

Net-101 expansion residual network to extract features. In the coding stage, the convolutional attention

Wk H . 2024 - 07 - 12

HEHH. BEARBEESHHE (U1904119) 5 5G4 B JOCTHRI 5 B (252102210034) 5 7 55 48 H i WF & L 31(231111212000) 5 fiii
2R 4T H (20230001055002) .

TEH A . ABmEHe, Wi, BIBUZ, FEMNFHLE T B AL BT .

BEEE: BEL, W1, Al#EHR.



186 THRFFHOGARBF R http://xbbjb. swu. edu. cn F 47 %

mechanism fusion module was introduced to effectively enhance the ability of feature region representa-
tion. In the feature extraction stage, the image feature grid module was introduced to average segmenta-
tion of low-resolution images, which was helpful to obtain small target features of local images. The algo-
rithm was trained and tested with the Safety Helmet Wearing Detect (SHWD) Dataset, and the results
showed that the pixel accuracy of algorithm reached 89.23% , which was 2. 21 percentage points higher
than DeeplLabv3—+, effectively improving the segmentation accuracy of safety helmet wearing in the logis-
tics parks in complex scenes.
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