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Abstract: Distracted driving behavior increases the probability of traffic accidents and threatens drivers’
safety. To address the lack of professional driver groups in existing public driving distraction behavior

datasets, this study constructs a distracted driving behavior dataset specifically targeting professional driv-
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ers. The YOLO model has gained widespread application in real-time object detection due to its rapid
detection capabilities. This paper develops an improved distracted driving detection algorithm based on
YOLOvS8. Firstly, the Convolutional Block Attention Module attention mechanism was integrated into the
backbone network of YOLOv8n to enhance the model’s global feature extraction capability. Secondly, in
the neck network, the FasterBlock module was combined with the C2f module to form a C2f-FasterBlock
module, which was subsequently integrated into the YOLOvS8 architecture. Experimental results with our
self-built driving scenario dataset demonstrate that the enhanced YOLOv8n algorithm significantly im-
proved detection accuracy for distracted driving behaviors, achieving a 4. 88% higher mean average preci-
sion compared to the original YOLOv8n model.

Key words: professional driver distraction behavior dataset; YOLOvS; distracted driving; deep learning
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