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On Application of Improved PSO-WNN
to Model Load Forecasting

ZHANG Lan

Department of Basic, Xi’an Aeronautical Ploytechnic Institute, Xi‘an 710089, China

Abstract: An improved Particle Swarm Optimization algorithm has been proposed in this paper to model
the wavelet neuron network, and this model been applied to the application of forecasting load in power
system. Firstly, the basic principle of improved PSO-WNN model is presented. Secondly, the improved
PSO algorithm is used to optimize the parameters of WNN load forecasting model. Then, the experiment
simulations of improved PSO-WNN model are conducted and analyzed. The improved PSO-WNN model is
compared with conventional PSO-WNN model. The experiment results show that the proposed model is ef-
ficiency in model computing and the precision of the load forecasting.
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