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On a Penalty Decomposition Method for Solving Weak
Linear Bilevel Programming Problems
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Abstract: In this paper, a solution method has mainly been discussed to solve the weak linear bilevel pro-
gramming problems. Using the dual theory of linear programming and the idea of penalty function method,
the weak linear bilevel programming problem has firstly been transformed into a single-level nonlinear pro-
gramming problem. Furthermore, the latter problem has been decomposed into two linear programming
problems which involve a penalty parameter. Finally, a penalty decomposition method has been present
and a simple numerical example used to illustrate the feasibility of the proposed method.
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