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Emotion Classification Method Based
on Topic Weighted LDA Model

WANG Fei-xue', LI Fang®

1. School of Computer Engineering., Chonggqing Institute of Humanities and Technology . Hechuan Chongqing 401524, China ;
2. School of Computer Science , Chongqing University . Chongqing 400044 , China

Abstract . For the large number of topics generated by the LDA (Latent Dirichlet Allocation) theme model,
the relevance of the internal words is very low, poor interpretation, and the effect of the language model is
affected. In order to solve this problem, an emotion classification method based on topic weighted LDA
model has been proposed in this paper, which can realize the weighting calculation of words in different
themes, and can eliminate the influence of words with relevance in different themes. The experimental re-
sults show that compared with the traditional LDA model classification method, the average F1 value of
the emotion classification method based on the topic weighted LDA model is improved by 6. 7% —8. 1%,
which proves that our proposed method is effective and improved classification effect.

Key words: LDA model; weighted feature; topic model; emotion classification
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