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The Medical Image Fusion Algorithm Based

on Fuzzy Transformation and Maximum Entropy

WU Yin-fang

Jiangsu Nursing Career College s Huaran Jiangsu, 223300, China

Abstract: In order to solve the defects such as blurring small details and edge information of the fused im-
age in the transition region as well as distorted edge, the medical image fusion algorithm based on fuzzy
transformation and maximum entropy was proposed in this paper. Firstly, the preparing fused image was
divided into non overlapping image blocks with the same size; secondly, the fuzzy subblocks was obtained
by introducing the fuzzy transformation to process the image blocks, and the new fusion subblocks was got
by using the maximum entropy fusion rule to fuse these fuzzy subblocks. Then the new fusion subblocks
was transformed by inverse fuzzy, and final fusion medical image was got by selecting the maximum fusion
rule to fuse the subblocks which were obtained by inverse fuzzy transformation. Experimental results show
that this algorithm has excellent performance in subjective evaluation and objective evaluation as edge
strength, information entropy, mutual information and peak signal to noise ratio, which the edge and de-
tails of the fused image was more clear to overcome the edge blur and the false contour comparison with
common medical image fusion algorithms.

Key words: medical image fusion; fuzzy transformation; maximum entropy; maximum entropy; fusion

rule; mutual information
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