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On Improved Multi-label Learning Algorithm Based
on the Strategy of Transformation

REN Chong

Department of Arts and Sciences , Guangxi Open University , Nanning 530001, China

Abstract: To solve the problem that the traditional problem transformation method, multi-label learning
algorithm is difficult to determine the lowest threshold, the traditional multi-label learning algorithm has
been improved in this paper and a learning algorithm based on the lowest threshold for each label (TFEL)
been proposed. The method deals with learning a minimum threshold for each category label. When the
score for a test instance to one label is bigger then threshold which is learned for the label, the label will be
added to the last classifying result for the test instance. The method of programming, experimental results
show that TFEL method can achieve better classification results, which proves the feasibility and effective-
ness of this method.

Key words: multi-label learning; minimum threshold: strategy of transformation; classification
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