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A New Method for Facial Expression Recognition
Based on Deep Autoencoders

HE Ming

Institute of Construction Engineering and Art Design, Chongqing Industry Polytechnic College , Chongqing 401120, China

Abstract: To solve the problem of high facial expression feature dimensions, a new method for facial ex-
pression recognition based on deep autoencoders has been presented in this paper. In this method, autoen-
coders is used to perform feature selection on multi-layer hidden layers, which can be able to represent
high-dimensional facial features in lower dimensions. Firstly, the histograms of oriented gradients is used
to extract features from selected regions of facial expressions. And then deep autoencoders is used on mul-
tiple levels to obtain the best coding feature, reducing the feature dimension. Finally, the support vector
machine model is used to classify the dimensionality reduction features. Experiments show that the fea-
tures extracted from the deep autoencoder outperformed when compared to other feature selection and di-
mension reduction techniques, and can effectively realize facial expression recognition.

Key words: histograms of oriented gradients; deep autoencoders; support vector machine; expression rec-

ognition
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