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On Improved Intensive Statistical Complexity Algorithm and
Complexity Analysis of Chaotic Sequence

YANG De-zhi

Teacher’s College , Eastern Liaoning University, Dandong Liaoning 118001, China

Abstract: Considering the issue that intensive statistical complexity algorithm cannot distinguish the com-
plexity of the periodic sequence and the chaotic sequence, an improved intensive statistical complexity algo-
rithm has been presented. Based on the original intensive statistical complexity algorithm, an improved in-
tensive statistical complexity algorithm has been designed via adding a condition judgment and a weight val-
ue. Take example for the hyperchaotic Lorenz system, it is analyzed for the complexity of the hyperchaoitc
sequence, chaotic sequence and periodic sequence generated by the hyperchaotic Lorenz system, based on
the improved intensive statistical complexity algorithm. The results show that the complexity of the hyper-
chaotic sequence is greater chaotic sequence, and the complexity of the chaotic sequence is greater periodic
sequence. At the end, based on the improved intensive statistical complexity algorithm, the complexity of
some hyperchaotic systems and chaotic systems is studied. The results show that the complexity of the hy-
perchaotic sequence is greater chaotic sequence, and the complexity of the chaotic sequence is greater peri-
odic sequence. These results verify the availability of the improved intensive statistical complexity algo-
rithm.
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