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On Design of Vertical Search Engine toward
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Abstract: The disadvantage of using traditional comprehensive search engines in Agricultural area is that
they returns too many results which are not accurate enough to match the requirement of the agricultural
scientific research office due to its non-limited search coverage and using improperly semantic association
algorithms. In this article, an Agricultural Web-Info Gathering system monitors have been mentioned, up-
dated information been gathered and accumulated from specific modules of series of agricultural websites
such as official websites of national and local agriculture management departments, official websites of ag-
ricultural college or research institutes, agriculture magazines websites, and agriculture commercial web-
sites. Specification of data resource reduces non-related data, efficiently limited the search range. The
search engine utilized word2vec and text feature based doc2vec models and took data of agriculture oriented
websites as text corpus to build word vector space and document vector space to deal with non-ordered
words set search and ordered sentence or paragraph search, in order to ensure the search result to be accu-
rate as well as intelligent. According to the result of experiment it is proved that this system with doc2vec
+tf-idf search algorithm has higher accuracy in sequential search for agricultural information. With the
high performance of word2vec algorithm in nonsequential search, dynamically choosing corresponding al-
gorithm for sequential/nonsequential search could further improve the accuracy of the search engine, and
satisfied high quality data resource requirement of Agricultural information.

Key words: agricultural vertical search engine; semantic similarity; word2vec; doc2vec; tf-idf; context

based search
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