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UBKP1 UBKP2 UBKP3 UBKP4 UBKP5 UBKP6 UBKP7 UBKPS8 UBKP9 UBKP10
Opt 201 616 414 114 594 613 831 629 1003 643 1228 085 1524770 1692 853 1869 142 2 066 060
Best 201 616 414 114 594 598 831 592 1003622 1228073 1524770 1692835 1869 108 2 066 031
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Chaotic Niche Firefly Algorithm Solving Bounded Knapsack Problem

REN Jing-min', PAN Da-zhi'**

1. College of Mathematics and Information, China West Normal University , Nanchong Sichuan 637009 , China ;

2. |Institute of computing Method and Application Software , China West Normal University , Nanchong Sichuan 637009 , China

Abstract: To solve the Bounded Knapsack Problem, a chaotic niche firefly algorithm has been proposed.
The chaotic theory has been used to initialize the firefly population. In order to increase the diversity of the
population, the niche technology has been used to calculate the individual shared fitness. The similar indi-
viduals in the shared radius have been excluded by a certain probability, and the Levy flight operation has
been performed on all the excluded individuals. Excellent individuals perform local searches, and the pre-
cocious individuals have re-randomly been generated to update their positions using chaos theory. The sim-
ulation results show that the improved algorithm can effectively solve the Bounded Knapsack Problem.

Key words: firefly algorithm; Bounded Knapsack Problem; Chaotic theory; niche technology; Levy Flights
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