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Multi-Level Threshold Image Segmentation Method Based

on Crow Search Optimization Algorithm

KANG Li-feng', WU Feng®

1. College of Information Engineering , Jiaozuo Normal College , Jiaozuo Henan 454000 , China ;

2. College of Information Engineering, Xinyang Agriculture and Forestry University , Xinyang Henan 464007 , China

Abstract: Aiming at the problems of traditional Kapurs entropy in multi-threshold image segmentation al-
gorithm, such as large computational complexity, low computational efficiency and low precision, a multi-
level threshold image segmentation method based on crow search optimization algorithm has been pro-
posed. According to the algorithm, Kapur's entropy has been used as the objective function of computa-
tional fitness, and introduces the crow search optimization algorithm to solve the global optimal problem
when the objective function is maximized. The experimental results show that compared with other meth-
ods, the proposed method has good performance on many evaluation indicators, and the calculation effi-
ciency is obviously improved while ensuring better segmentation effect.

Key words: image segmentation; multi-level threshold; crow search algorithm; Kapurs Entropy
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