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Big Data Classification Method Based on
Optimized Decision Tree by Differential Grey Wolf Optimization

LYU Ting-qin, WEI Meng

School of Information Science and Technology , Zhengzhou Normal University , Zhengzhou 450044 , China

Abstract: Aiming at the problems of low accuracy in the existing big data classification algorithms, a big
data classification method based on optimized decision tree by differential grey wolf optimization has been-
proposed. This methodis first used to inputcomplex big data into the Map-Reduce framework, andto re-
ducethe input data using principal component analysis. Then itis used tosupport vector machines to classify
the compressed dataroughly. Finally, it uses a decision based on the difference gray wolf optimization. The
tree finely classifies the class labels output by the support vector machine to obtain higher classification ac-
curacy. Experimental results show that compared with other classification algorithms, the proposed meth-
od has obvious advantages in the classification of complex big data.

Key words: big data; data classification; differential grey wolf optimization; decision tree
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