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Multi Objective Optimization Task Scheduling
Algorithm Based on CSA and PSO

WANG Li-juan', WU Feng®

1. School of Information Engineering , Jiaozuo Normal College , Jiaozuo Henan 454000 , China ;

2. School of Information Engineering , Xinyang Agriculture and Forestry University , Xinyang Henan 464006 , China

Abstract: Aiming at the problems of low resource utilization, long makespan and high scheduling cost of
task scheduling algorithms in existing cloud computing environments, a multi-objective optimization task
scheduling strategy based on Cuckoo Search Algorithm (CSA) and Particle Swarm Optimization(PSO) has
been proposed. According tothe strategy, the cuckoo search algorithm and the particle swarm optimization
are combinedto perform the intelligent optimization task scheduling problem with the makespan, cost and
deadline violation rate as the objective function, and to avoid the local optimal phenomenon in the schedu-
ling process. The experimental results show that compared with other heuristic scheduling algorithms, the
proposed method has obvious advantages, which can minimize the completion time, scheduling cost and
deadline violation rate.

Key words: cloud computing; task scheduling; multi-objective optimization; cuckoo search; particle swarm

optimization
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