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On Design of Risk-Oriented Internal Audit System

for Power Grid Companies

YIN Xin', XIANG Fei', CHEN Tao',
WANG Hai-qiang”, TAO Li*, LI Xiang-hua®

1. State Grid Chongqing Electric Power Research Institute , Chongqing 401123, China ;
2. School of Computer and Information Science, Southwest University , Chongqing 400715, China

Abstract. It is a challenge to carry out internal audits manually with large amounts of data that is generated
by power grid enterprises. Therefore, intelligent audit modelsthat incorporate several data mining methods
are required to meet the challenges caused by big audits data. This paper proposes a system a risk-oriented
internal audit system for power grid companies. The system uses several data mining techniques to analyze
audit data,to identify potential risk factors, and quantitatively assess the identified factorsfor power grid
companies. The system proposed in this paperis able to provide decision support for the risk prevention and
business planning of power grid companies.

Key words: power grid companies; internal audits; risk-oriented internal audit system; data mining; deci-
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