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Big Data Query Processing Method Based on
Dynamic Distributed Clustering Algorithm

TANG Yun-le',  WEI Xing-qiong®
1. School of Electromechanical and Information Engineering, Guangxi Vocational & Technical College s Nanning 530226, China ;

2. School of Information Science and Engineering . Guangxi University for Nationalities , Nanning 530006 , China

Abstract: Aiming at the problems of long execution time and inaccurate query results in existing big data

spatial query processing methods, a big data query processing method based on dynamic distributed cluste-

ring algorithm has been proposed, which includes data pre-processing, data clustering and query process-

ing.

Firstly, the method divides the input data into multiple subsets and stores them in a group of machine

nodes in RRD format. Secondly, the partition and hierarchical hybrid dynamic clustering algorithm is used

to cluster the data on Apache spark platform. And lastly, the high-precision and high-efficiency query re-

sults are obtained by K-Nearest Neighbor query. The experimental results show that the proposed method

is scalable, and provides high quality results for spatial query processing, which has more advantages than

other query methods.

Key words: big data; dynamic distributed clustering; query processing; Apache Spark
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