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Disease Prediction Method Based
on Gram Matrix and Random Forest

Z0U Jin-song

Putian Big Data Industry School , Chongqing College of Water Resources & Electric Engineering, Chongqing 402160, China

Abstract: Aiming at the problems of low prediction accuracy, long prediction time and large storage space
in the existing prediction methods, a disease prediction method based on Gram matrix and random forest
has been proposed. In this method, at first, a large amount of data are collected from the data set, and
then Gram symmetry matrix is used to store and classify the collected data. Then, the random forest bina-
ry regression and classification technology has been introduced to measure the relationship between the
prediction results and the data through the correlation of binary variables, and a decision tree has been con-
structed to classify the results according to the correlation. At last, the voting scheme is used to output the
final prediction result. The experimental results show that compared with other methods, the proposed
method improves the prediction accuracy while it reduces the time and space complexity of prediction.

Key words: big data; Gram matrix; random forest; prediction analysis
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