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Cluster Head Selection Routing Scheme Based on
Gray Wolf and Crow Search Algorithm in WSN

WANG Yan-kun', WU Feng®

1. College of Information Engineering , Jiaozuo Normal College , Jiaozuo Henan 454000 , China ;
2. College of Information Engineering , Xinyang Agriculture and Forestry University , Xinyang Henan 464000 , China

Abstract: Aiming at the problems of low throughput, short life cycle and long delay time of wireless sensor
networks, a cluster head selection routing scheme based on gray wolf and crow search hybrid optimization
algorithm has been proposed. In this scheme, the residual energy, the distance between nodes and the
transmission delay are taken into account. The hybrid optimization algorithm based on grey wolf optimiza-
tion (GWO) and crow search algorithm (CSA) is used to select cluster heads, which can realize the uni-
form utilization of energy and improve the expected life of the network. The hybrid algorithm makes full
use of the global optimization ability of CSA algorithm and the local development ability of GWO algo-
rithm, thus improving the accuracy and reliability of the optimal solution in the process of cluster head se-
lection. The experimental results show that the proposed scheme has good cluster head selection performance, and
has more advantages than other comparative algorithms in throughput, transmission rate and network life.

Key words: cluster head selection; wireless sensor network; grey wolf optimization; crow search algorithm
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