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Noise Image Saliency Detection Method Based on MRDMD Model
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Abstract: Aiming at the problem that the current saliency region detection methods are not accurate for
noisy images, a saliency region detection method based on multi-resolution dynamic mode decomposition
has been proposed. In this method, dynamic mode decomposition (DMD) with multi-resolution analysis
(MRA) is combined to model multi-scale systems in time and space domains. Firstly, the input image is
transformed into color space and edge detected, and then the sequential snapshot matrix is generated by
means of the chrominance, luminance and edge information of the image. Finally, the sequence snapshot
matrix is provided to MRDMD module for three levels of decomposition to obtain the saliency region map-
ping of the image. Experimental results show that the proposed method can detect salient regions with
complete regions and clear boundaries in clean and noisy images, and its performance is significantly im-
proved compared with other detection methods.

Key words: saliency detection; dynamic mode decomposition; multi-resolution analysis; noisy image
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