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Feature Extraction of Action Recognition Based on Spark
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1. College of Electronic Information Engineering, Chongqing Technology and Business Institute , Chongqing 401520, China ;
2. College of Computer Science, Chongqing University of Posts and Telecommunications, Chongqing 400065, China

Abstract: Aiming at the problems of large-scale motion recognition time and low recognition accuracy, a
parallel solution method for feature extraction based on the Spark framework has been proposed. Using the
memory computing advantage of Spark, the video data is divided into videos or frames and placed into an e-
lastic distribution. the subsequent processing in the RDDS, for the mainstream deep learning feature ex-
traction methods: trajectory-pooled deep-convolutional descriptors, latent concept descriptor and improved
dense trajectory, distributed parallel steps are given and designed the vector of locally aggregated descrip-
tors VLAD distributed encoding algorithm aggregates the extracted features into a global representation
and then inputs them into the deep learning model classifier to identify the actions in the video. Experimen-
tal results show that the method in this paper improves the real-time performance of human action recogni-
tion, and the trade-off between recognition accuracy and processing time of LCD is better than other meth-
ods.

Key words: spark; resilient distributed dataset; feature extraction; deep learning; action recognition
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