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Detection and Analysis of Cybernetics Bullying Language

on Common Chinese Social Network Platforms

LLIU Zhi-yuan', FAN Yong-sheng', ZHANG Wan-li',
FENG Ji', LI Yong’, HUANG Jing'

1. School of Computer and Information Science , Chongqing Normal University, Chongqging 401331, China;
2. State Grid Tianfu Electric Power Supply Company , Chengdu 610000 , China

Abstract: In order to effectively detect the cyberbullying language on Chinese social platforms, a dozen
typical Chinese social platforms are selected, and some samples are extracted from them for manual annota-
tion to construct a training data set. On the basis of the training set, three types of classifiers, i. e. Naive
Bayes, support vector machine and long-short-term memory neural network, are used to construct a classi-
fication model to classify and recognize unlabeled data. Experiments show that the above selected classifi-
ers can effectively identify cyberbullying language with an accuracy rate of 0. 87, 0. 79 and 0. 88, respec-
tively. Of the three classifiers, the long-short-term memory neural network has the best effect. It is con-
cluded that the classification model established with the help of big data can quickly detect the original data
on social platforms and detect the existence of cyberbullying language. Finally, this paper also analyzes the
correlation between offensive comment language and user rank, publication time and other attributes, and
fits a Gaussian distribution model.
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