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Longitudinal Data Model Averaging Based on SAIC Method

Wang Ziyi

School of Mathematics and Statistics , Southwest University , Chongqing 400715, China

Abstract: The running time required for traditional SAIC model averaging shows a stepwise increase with
the number of data dimensions, and its prediction accuracy decreases. In this paper, we propose a class of
longitudinal data model averaging method based on the traditional SAIC model averaging method, which
can significantly improve the computational efficiency and make the prediction results have good stability.
The simulation experimental results show that the new model proposed in this paper outperforms the tra-
ditional method in terms of stability, accuracy and running speed in predicting the sum of squared residuals
compared with the traditional method.
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