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Abstract: In the process of extracting news text summarizations, traditional extraction algorithms have
some problems, such as incomplete summarization of text content, redundancy of summary content and
synonyms of different words are not considered in keyword extraction. An algorithm WMMR based on
Maximal Marginal Relevance (MMR) and WordNet is proposed to generate news text summarizations. In
order to optimize the sentence score in MMR algorithm, this algorithm comprehensively considers the in-
fluence of text similarity, keywords, sentence position information, clue words and other features on sen-
tence weight. Among them, WordNet is introduced to merge synonyms when calculating the score of key-
words. The effectiveness of the proposed algorithm is verified on NLPCC2017 public dataset. The results
show that the ROUGE value of WMMR algorithm increases by 4 percentage points compared with Tex-
tRank algorithm and 7 percentage points compared with MMR algorithm. The universality of the proposed
algorithm is verified on Shence Cup 2018 and SogouCS public datasets. The results show that the ROUGE
value of the WMMR algorithm is improved compared with the traditional TextRank and MMR algorithms,
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which proves that the WMMR algorithm effectively improves the quality of generated summaries.
Key words: news text summarization;extraction algorithm;maximal marginal relevance algorithm; Word-

Net; synonyms of different words
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